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ABSTRACT

Digital Elevation Modeling (DEM) has been a widely used method-
ology in plethora of application domains, ranging from climate and
geological studies, through temporal evolution of various migra-
tion patterns, to Geographic Information Systems (GIS) broadly.
However, the existing DEM methodologies and systems cannot
quite straightforwardly be extended to catch up with the demands
due to recent developments in autonomous driving, vehicle local-
ization, drone and dynamically evolving high-definition smart city
modeling. The new challenges are the demand of higher precision,
sparse(r) elevation data compression, real-time efficient retrieval
and intra-sources data integration. Motivated by this, we take a first
step towards developing a tile based, multi-layer high precision
DEM system, which aims at seamlessly integrating (and aligning)
DEM from different sources, and enables context-driven variations
in zoom levels. In addition, to further improve the efficiency of the
focused-retrieval of the data necessary to construct the DEM with
the desired quality assurance, our vision targets the collaborative
compression among heterogeneous data sources.

KEYWORDS

Digital Elevation Model, Spatial Data Compression, Heterogeneous
Data

ACM Reference format:

Andi Zang, Xin Chen, and Goce Trajcevski. 2017. High-Definition Digital
Elevation Model System. In Proceedings of SSDBM ’17, Chicago, IL, USA,
June 27-29, 2017, 6 pages.

https://doi.org/10.1145/3085504.3085533

1 INTRODUCTION

Broadly speaking, Digital Elevation Modelling (DEM) aims at pro-
viding a digital 2D-representation that reflects 3D features — i.e., the
elevation of a particular terrain. Depending on the level of details, the
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literature often separates between Digital Surface Modelling (DSM)
which represents all the “interesting” elements along a particular re-
gion, together with the elevation data; and Digital Terrain Modelling
(DSM) which only indicates the different “altitude information” of a
topography of a surface — e.g., a hill, but without houses and/or roads.
In terms of methodologies and implementations, currently available
DEM systems represent a mature technology, capable of handling
the mapping tasks that they originally targeted: land surveying, cli-
mate and geological studies, Geographic Information Systems (GIS),
etc. [12, 27]. However, the requirements of these task, while de-
manding efficient storage and retrieval techniques, are not stringent
in terms of response time. In addition, the very querying capabilities
are fairly limited — a typical interaction would involve defining a
(rectangular) clipping area and dragging it to the location of interest!,
possibly involving a selection of a resolution level.

Owing to the recent advances in acquisition devices, as well as net-
working/communication technologies, new classes of applications
emerged in which the notion of meter-level (or denser) DEM is es-
sential — like, for example, micro-environment monitoring [2, 14, 29]
and vehicle localization [18, 21, 32, 34]. Moreover, some applica-
tions may demand different level of detail for different parts of a
same geo-region. An example shown in Figure 1 illustrates a higher-
level precision used for the elements of the road network, accompa-
nied by very low-resolution display of the park, and a medium-level
resolution used for the piers/coastline. As recently emerging ap-
plications [23]- such as autonomous driving, vehicle localization,
drone-based monitoring and even transport/delivery — are becoming
more and more parts of the everyday reality, several novel challenges
are posed to the DEM.

(1) In addition to the sheer volume of the data, a temporal bound
may be imposed on the retrieval time (i.e., the time to display
the required data).

(2) New compression approaches will be needed to fit both DEM
data itself, along with the displaying techniques, for effective
use on mobile devices.

(3) A varying level of detail — based on a particular context — may
be acceptable and should be capitalized upon. For instance,
the example in Figure 1 is actually a practical scenario of
using different resolution-levels in car navigation systems,
where the user/driver is not concerned much with the details
of the parks and the coastal shapes.

Lef. http://resources.arcgis.com/en/help/main/10.1/index.htmlInteractive
_tools_for_terrain_datasets/005v00000023000000/
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(b)

Figure 1: Visualization of areas with varying precision needs
in San Francisco (color annotation: blue: water body, red: ur-
banized region, green: park, yellow: coastline/pier, white: road
network, black: unknown) (a) and satellite image as reference
from Bing Maps server 2(b).

The new set of challenges for High Definition (HD) DEM are
especially accentuated in the field of autonomous driving. Currently
available HD Map sources, along with the corresponding editing
tools and processing algorithms, exploit certain features that are con-
strained by the underlying technology — for example: point cloud,
aerial and perspective image. The corresponding data is then pro-
jected on a local 2D (tangent) plane to reduce overheads associated
with the very process of editing, along with the cost of the corre-
sponding computation [12]. One specific scenario/application where
the state of the art needs improvement is the image based HD road
modeling [5, 11, 24]. The impact is that all the key points of small
segments of a certain road are located in a single-valued elevation
(commonly known as elevation missing in maps-industry) — which
can cause “stair-case” effect when displaying consecutive portions
of road segments. But one example: certain mountain roads have
even more than 1 meter elevation differential, when comparing the
leftmost and rightmost lanes in a segment (cf. Figure 2), known as
(large) bank angle. In this particular setting, the solution amounts to
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assigning a correct elevation information to each control point of the
corresponding spline used to represent the segment in the HD Map.

Figure 2: Manual edited HD Map without elevation correction
(red lines) and with elevation correction (green lines) from HD
DEM.

However, in reality, a particular data source may be limited in its
precision and/or other features (e.g., context provided by DSM vs.
“pure” DTM) and, if an application so demands, data from multiple
sources will need to be integrated [25]. Even for a homogeneous data
(e.g., polylines) different sources of DEM may vary in their gran-
ularity. There are three basic categories/levels of precision among
the data sources used in practice: ten-meter-level, meter-level and
sub-meter level (i.e., within (tens of) centimeters).

In the ten-meter-level category, most providers — for example,
U.S. Geological Survey (USGS) and Earth Remote Sensing Data
Analysis Center (ERDAC), National Oceanic and Atmospheric Ad-
ministration (NOAA) — use flying platforms such as remote sensing
satellites and airborne laser scanner to survey a large area from
a county to a country. However, these approaches yield low data
precision and exhibit higher measurement errors. Ten-meter-level
DEM covers the entire world, and can be used for querying enabled
by most of the corresponding providers — for example, 1-minute
resolution (approximate 90 meters) sources can be found at NOAA
Grid Extract [15], USGS Earth Explorer [28] and WebGIS Terrain
Data [30]. All of these open source providers support bounding box
query and will return gridded data in a particular format, such as
GeoTIFF.

In the category of meter-level resolution, the elevation data is ac-
quired with a much higher precision — typically limited in coverage
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to a smaller geographic region, and associated with a specific phe-
nomenon (e.g., pollution, micro-climate variability), which covers
the most cities worldwide 3 and limited areas 4.

On the highest resolution-end, the DEM data can be generated
from ground based LiDAR [33]. Compared to airborne-based data
(i.e., satellite imaging, remote sensing, or even drone-based LiDAR),
ground based LiDAR has the advantage of a much higher precision
— however, it suffers from much smaller coverage and at a higher
cost. Ground based LiDAR sources have the highest demand in
Autonomous Driving industry [18] — however, different sources may
vary in their precision [23].

Yet another source of elevation information comes from sin-
gle point surveying datasets like, for example, Survey Marks and
Datasheets >. Such data sources have the highest precision — equiva-
lently, lowest measurement and system errors — however, they also
have highest costs and always cover very small geographic regions.
Typically, the cost of (latitude, longitude, elevation) data covering
0.1m? is within the range of a few hundred US dollars — in contrast
with $ 100 USD for 1km? area but at meter-level resolution from
commercial solution provides 67,

In this paper, we take a first step towards providing a methodology
for generating globally aligned HD DEM system using elevation
information from different sources and resolutions, and present our
vision and initial approaches towards the problem, based on design-
ing a tile based [22] spatial representation to cater to varying accura-
cies. The proposed methodologies aim at automatically integrating
and aligning new/incoming DEM at any level within a database,
and retrieving elevation information by: single point; bounding box;
trajectory; as well as other possible (spatial/temporal) inputs with
different resolution requirements.

The main components of the proposed system are:

(1) Same Level DEM Alignment.
(2) Cross Level DEM Alignment.
(3) Multi-Level DEM Compression.
(4) DEM Query.

The main components of the system, along with their dependen-
cies/workflow are illustrated in Figure 3. In the rest of this paper we
describe in a greater detail the main aspects of the system, along
with the corresponding methodologies serving as bases for imple-
mentation.

2 SAME AND CROSS LEVEL DEM
ALIGNMENT

Measurement errors, as well as other system-generated errors (e.g.,
unsynchronized clocks) are inevitable — thus, one needs to accept the
fact that there is a high possibility for misalignment between any two
DEM sources. Those can be reflected in the mere coordinate-values,
as well as scale, rotation and shift in 3D space. Misalignment are
also caused by the variations inherent to different datum/geodetic
systems and their representation-model of the earth (SAD69, GRS80,

3http://www.landinfo.com/LanclInfoRussianCP.pdf

#National Elevation Dataset (NED). USGS. https://lta.cr.usgs.gov/NED
5Survey Marks and Datasheets. NOAA. https://www.ngs.noaa.gov/datasheets/
SLAND INFO. http://www.landinfo.com/coverage.html

7AW3D. http://aw3d.jp/en/index.htm]
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NADS83, WGS84, etc.) [17], to the discrepancy in the elementary
types and data structures used.

An effective alignment process is the essential component of
combining multiple data sources in a unified coordinate system —
however, considering the differences of resolution and data source,
there can be no “universal” alignment methods.

2.1 Same Level DEM Alignment

Same level DEM alignment at lower resolutions is computationally
less demanding than the case of aligning two DEM data sources
with high resolution. Typically, a DEM is represented as a 2D array
of pixels, where each element of the array (i.e., a pixel) will have a
specific value, representing the recording obtained through a given
surveying tool. Lower resolution DEMs are acquired for large area
and, more often than not, they are continuous — in the sense that
every pixel has a well-defined value. In other words, there is likely
to be a “continuity” between neighboring pixels. When it comes to
higher resolution DEM data, given the narrower area of sampling, it
may be the case that the DEM array corresponding to a larger area
may have pixels with undefined values.

Different from DEM validation [7, 13, 19, 20] and fusion [31], the
goal of Same Level DEM Alignment is to transform (at least one of)
the two datasets so that they be represented in a unified coordinate
system values/boundaries, and then fuse the data from both sources
at each unique pixel. A commonly used idea when aligning DEM is
to apply Iterative Closest Points (ICP) matching algorithm [8, 36].

On the high resolution end, one may often end up with sparsity
in the datasets (cf. Figure 4). There are different causes for this —
but few examples being: object occlusion, LIDAR density and other
influencing factors [10], as shown in Figure 4. The higher the speed
of motion of the ground based LiDAR device, the sparser the DSM
will be. Thus, the classic ICP approach may not be suitable for this
task. As a part of our work, we are planning to address the HD DEM
Generate from ground based point cloud as a separate project — with
the main idea of generating an interpolated HD DEM via probability
map. Then, we envision a weighted ICP approach to be designed to
handle this task.

2.2 Cross Level DEM Alignment

Cross Level DEM Alignment aims at aligning DEMs from data
sources with different resolutions — as shown in Figure 5, illustrating
the fusion of visual data from satellite images on level 15, 17 and
19. Clearly, this step also implies aligning to a (now, high resolution
DEMs) to some kind of a global coordinate. However, there is a
distinct challenge of this process — which is, how to reduce the cross-
level error. To illustrate, assume that there are two DEMs at level n
and n + k, where n C [0,17] and k C [1,5]. A particular tile at level
n contains 2F tiles from n + k level which implies that (according
to [22]), the shift error will be

cos(latitude %) % 2 % pi * 6378137
256 x 21
This, in turn, equals to the ground resolution at level n, if we align
two DEMs directly.
We note that, in the settings in which a survey point from a third
party single point surveying is available, that point will be considered
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Figure 3: System components

(@ (b)

Figure 4: An example of original sparse DSM at level 20 near
[37.8511 -122.2328] (a); and corresponding satellite image at
same resolution (b).

as a ground truth, and the entire DEM system will then have to be
adjusted to align to this point. Clearly, a fine-grained single point
survey can only be aligned with the high resolution DEM - in other
words, we may not know where to place the single point in the
lower resolution (but covering wider area) DEMs. However, we can
then iterate and use the “revised” higher resolution data to further
improve the alignment at lower resolution layers.

3 HD DEM COMPRESSION AND RETRIEVAL

We re-iterate that, different from image based tile systems or current
DEM systems, some pixels from the tiles at higher resolution may
be empty which, in turn, makes the data sparse at this level. Also,
level n is a coarser representation of level n + 1 — however, some

Figure 5: Level 19 satellite image in red bounding box, level 17
satellite image between red and blue bounding boxes and level
15 satellite image.

DEM compression methods [6, 26, 35] designed for a single layer
DEM may not be suitable for multi-layer DEM structure.
As an illustration:
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e The total of urban area coverage in the US is 275,538.47
square kilometers, which is 3.60% of land area according to
the US Bureau of the Census [16]. These are the regions
which need meter-level resolution of DEM data, because of
various modelling purposes in the context of the smart-cities
initiative [23] and other purposes [2].

® 0.61% of the land area in the US is covered by roads of all
kinds according to [1, 4], which need sub-meter-level DEM.

The number of valid tiles from different levels can be estimated for
the data sources above. Adopting the gradation (or, tile-levels) used
by HERE 8 and Tom-Tom ?, 0 — 12 levels are at low resolution (i.e.,
above 10m level per pixel); levels 13 —16 have meter-level resolution;
and the levels 17 and above have extremely high precision, within
few (tens of) cm per pixello. Having this in mind, the percentages
of valid tile are 100% at levels 0 — 12; 3.6% at levels 13 — 16; and
only 0.6% at levels 17 or higher. In San Francisco, the needs of sub-
meter-level is 19.73% [33] at level 17 and shown in Figure 1. These
numbers show the tile data is very sparse. An example of highway
in rural area is shown in Figure 6, the tile pixels with valid elevation
information are sparser with the increasing of tile level.

- Level: 12
- Level: 13
- Level: 14
- Level: 15
- Level: 19

Figure 6: Data is sparse at higher level: valid elevation informa-
tion pixel in red and empty pixel in green at certain level.

4 CONCLUDING REMARKS

This paper described the preliminary ideas and the envisioned ap-
proaches for developing HD DEM system that can integrate data
from heterogeneous sources and at different resolution/precision lev-
els. Compared to the state of the art in DEM systems, our solution is

SHERE introduces HD maps for highly automated vehicle testing. HERE.
http://360.here.com/2015/07/20/here-introduces-hd-maps-for-highly-automated-
vehicle-testing/

9TomTom. HD MAP - HIGHLY ACCURATE BORDER-TO-BORDER MODEL OF
THE ROAD. TomTom. http://automotive.tomtom.com/uploads/assets/972/1474451229-
hd-map-product-info-sheet.pdf

0Baidu  claims a precion of 10cm HD Map at level 18
https://medium.com/@TMTpost/baidu-driverless-cars-run-in-wuzhen-powered-
by-four-leading-technologies-tmtpost-53c0b3072cec
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expected to yield much more flexible query processing approaches,
and different trade-offs between compression, precision and the
processing time. These types of trade-offs are extremely important
when one needs to seamlessly shift between devices with different
capabilities — e.g., from driving (and using in-car navigation — or,
in the near future, an integrated system for autonomous driving) to
walking and using a smart phone with a smaller display and available
memory to pre-fetch data.

At the time being, we have completed the same level alignment for
low resolution DEMs from USGS and WebGIS, and the following
are the major tasks that we are currently addressing:

(1) Integrate open source and low resolution DEMs, establish
our tile based query server and build web based interface for
specifying the queries, similar to MinnesotaTG: Web-based
U.S. Road Traffic Generator [3].

(2) Align cross resolution DEMs from open source (i.e., varying
between middle resolution DEMs to low resolution DEMs).

(3) Develop compression methodologies for different granularity
and properly place the sparse DEM tiles in each.

Generally speaking, our HD DEM system will be beneficial for
various tasks in GIS-related industries because of its cross-validated
DEM data and offering a flexible query methodology. Specifically,
in Autonomous Driving industry, HD DEM system will make the
storage of large quantities of elevation data available for portable
devices, so that it can contribute to the vehicle self-localization. In a
broader sense/scope of the HD Map industry, our DEM system will
help the road model automation program calculate correct elevation
values without repetitive computation and with adaptable amount of
storage. Furthermore, this tile-wise solution can also be extended
to store/represent occupancy grids (i.e. Road DNA 1) for vehicle
self-localization purpose [9], by replacing 2D tile structure with
multi-layer 2D or 3D tile structure.

REFERENCES

[1] Federal Highway Administration. 2013. Highway Statistics 2013. (2013). https:
/Iwww.fhwa.dot.gov/policyinformation/statistics/2013/hm220.cfm

[2] Samantha T Arundel, Christy-Ann M Archuleta, Lori A Phillips, Brittany L Roche,

and Eric W Constance. 2015. [-Meter Digital Elevation Model specification.

Technical Report. US Geological Survey.

MinnesotaTG: Web based U.S. Road Traffic Generator. 2016. MinnesotaTG:

Web-based U.S. Road Traffic Generator. (2016). http://mntg.cs.umn.edu/about_

help.html

National Research Council and others. 2005. Assessing and managing the ecolog-

ical impacts of paved roads. National Academies Press.

[5] R Gecen and G Sarp. 2008. Road detection from high and low resolution satellite

images. The International Archives of the Photogrammetry, Remote Sensing and

Spatial Information Sciences 37 (2008).

Dean B Gesch, Kristine L Verdin, and Susan K Greenlee. 1999. New land surface

digital elevation model covers the Earth. EOS, Transactions American Geophysical

Union 80, 6 (1999), 69-70.

Abdollah A Jarihani, John N Callow, Tim R McVicar, Thomas G Van Niel, and

Joshua R Larsen. 2015. Satellite-derived Digital Elevation Model (DEM) selection,

preparation and correction for hydrodynamic modelling in large, low-gradient and

data-sparse catchments. Journal of Hydrology 524 (2015), 489-506.

Philipp Kriisi, Bastian Biicheler, Francois Pomerleau, Ulrich Schwesinger, Roland

Siegwart, and Paul Furgale. 2015. Lighting-invariant Adaptive Route Following

Using Iterative Closest Point Matching. Journal of Field Robotics 32, 4 (2015),

534-564.

Liang Li, Ming Yang, Chunxiang Wang, and Bing Wang. 2016. Road DNA based

localization for autonomous vehicles. In Intelligent Vehicles Symposium (1V), 2016

IEEE. IEEE, 883-888.

3

[4

[6

(7

[8

9

"TomTom RoadNDA: http://automotive.tomtom.com/products-services/hd-map-
roaddna/


https://www.fhwa.dot.gov/policyinformation/statistics/2013/hm220.cfm
https://www.fhwa.dot.gov/policyinformation/statistics/2013/hm220.cfm
http://mntg.cs.umn.edu/about_help.html
http://mntg.cs.umn.edu/about_help.html

SSDBM 17, June 27-29, 2017, Chicago, IL, USA

[10]

[11]

[12]

[13]

[14]
[15]

[16]

[17]

[18]

[19]

[20]

[21]
[22]

[23]

[24]

[25]

[26]

[27]
[28]
[29]

(30]

[32]

(33]

[34]

Xiangguo Lin and Jixian Zhang. 2014. Segmentation-based filtering of airborne
LiDAR point clouds by progressive densification of terrain segments. Remote
Sensing 6,2 (2014), 1294-1326.

Gellért Méttyus, Shenlong Wang, Sanja Fidler, and Raquel Urtasun. 2016. HD
Maps: Fine-grained Road Segmentation by Parsing Ground and Aerial Images. In
Proceedings of the IEEE Conference on Computer Vision and Pattern Recognition.
3611-3619.

David Francis Maune. 2007. Digital elevation model technologies and applica-
tions: the DEM users manual. Asprs Publications.

Sandip Mukherjee, PK Joshi, Samadrita Mukherjee, Aniruddha Ghosh, RD Garg,
and Anirban Mukhopadhyay. 2013. Evaluation of vertical accuracy of open
source Digital Elevation Model (DEM). International Journal of Applied Earth
Observation and Geoinformation 21 (2013), 205-217.

Jeroen Muller. 2016. Comparing high quality digital elevation models to estimate
ponding in urban systems. Master’s thesis.

National Oceanic and Atmospheric Administration. 2017. NOAA Grid Extract
System. (2017). https://maps.ngdc.noaa.gov/viewers/wcs-client/

US Bureau of the Census. 2010. 2010 Census Urban and Rural Classification
and Urban Area Criteria. (2010). https://www.census.gov/geo/reference/ua/
urban-rural-2010.html

Jr. Paul H. Rydlund and Brenda K. Densmore. 2012. Methods of Practice and
Guidelines for Using Survey-Grade Global Navigation Satellite Systems (GNSS)
to Establish Vertical Datum in the United States Geological Survey. United States
Geological Survey.

Elisa CM Pereira, Danilo A Lima, and Alessandro C Victorino. 2014. Autonomous
vehicle global navigation approach associating sensor based control and digital
maps. In Robotics and Biomimetics (ROBIO), 2014 IEEE International Conference
on. IEEE, 2404-2409.

Moritz Rexer and Christian Hirt. 2014. Comparison of free high resolution digital
elevation data sets (ASTER GDEM2, SRTM v2. 1/v4. 1) and validation against
accurate heights from the Australian National Gravity Database. Australian
Journal of Earth Sciences 61, 2 (2014), 213-226.

Natalie Robinson, James Regetz, and Robert P Guralnick. 2014. EarthEnv-DEM90:
A nearly-global, void-free, multi-scale smoothed, 90m digital elevation model
from fused ASTER and SRTM data. ISPRS Journal of Photogrammetry and
Remote Sensing 87 (2014), 57-67.

Andreas Schindler. 2013. Vehicle self-localization with high-precision digital
maps. In Intelligent Vehicles Symposium (1V), 2013 IEEE. IEEE, 141-146.

Joe Schwartz. 2017. Bing Maps Tile System. (2017). https://msdn.microsoft.com/
en-us/library/bb259689.aspx

Heiko G Seif and Xiaolong Hu. 2016. Autonomous Driving in the iCityAATHD
Maps as a Key Challenge of the Automotive Industry. Engineering 2, 2 (2016),
159-162.

Young-Woo Seo, Chris Urmson, and David Wettergreen. 2012. Ortho-image
analysis for producing lane-level highway maps. In Proceedings of the 20th
International Conference on Advances in Geographic Information Systems. ACM,
506-509.

Jingfen Sheng, John P. Wilson, and Sujin Lee. 2009. Comparison of land surface
temperature (LST) modeled with a spatially-distributed solar radiation model
(SRAD) and remote sensing data. Environmental Modelling and Software 24, 3
(2009), 436-443.

Andrew K Skidmore. 1989. A comparison of techniques for calculating gradient
and aspect from a gridded digital elevation model. International Journal of
Geographical Information System 3, 4 (1989), 323-334.

JR Sulebak. 2000. Applications of digital elevation models. DYNAMAP Proj Oslo
(2000).

United States Geological Survey. 2017. USGS Earth Explorer.  https:/
earthexplorer.usgs.gov/. (2017).

Paolo Tarolli. 2014. High-resolution topography for understanding Earth surface
processes: Opportunities and challenges. Geomorphology 216 (2014), 295-312.
WebGIS. 2017. WebGIS Terrain Data. (2017). http://www.webgis.com/terraindata.
html

Keith Westhead, Kay Smith, Evelyn Campbell, Andrew Colenutt, and Stuart
McVey. 2015. Pushing the boundaries: Integration of multi-source digital elevation
model data for seamless geological mapping of the UK’s coastal zone. Earth and
Environmental Science Transactions of the Royal Society of Edinburgh 105, 04
(2015), 263-271.

Eric Wood, Evan Burton, Adam Duran, and Jeffrey Gonder. 2014. Contribution
of road grade to the energy use of modern automobiles across large datasets of
real-world drive cycles. Technical Report. SAE Technical Paper.

Andi Zang, Xin Chen, and Goce Trajcevski. 2015. Digital Terrain Model Genera-
tion using LiDAR Ground Points. In Proceedings of the Ist International ACM
SIGSPATIAL Workshop on Smart Cities and Urban Analytics. ACM, 9-15.
Chunxiao Zhang, Hui Lin, Min Chen, and Liang Yang. 2014. Scale matching
of multiscale digital elevation model (DEM) data and the Weather Research and
Forecasting (WRF) model: a case study of meteorological simulation in Hong
Kong. Arabian Journal of Geosciences 7, 6 (2014), 2215-2223.

Andi Zang, Xin Chen, and Goce Trajcevski

[35] Weihua Zhang and David R Montgomery. 1994. Digital elevation model grid size,

landscape representation, and hydrologic simulations. Water resources research
30, 4 (1994), 1019-1028.

[36] Xiao Zhang, Craig Glennie, and Arpan Kusari. 2015. Change detection from

differential airborne LiDAR using a weighted anisotropic iterative closest point
algorithm. IEEE Journal of Selected Topics in Applied Earth Observations and
Remote Sensing 8, 7 (2015), 3338-3346.


https://maps.ngdc.noaa.gov/viewers/wcs-client/
https://www.census.gov/geo/reference/ua/urban-rural-2010.html
https://www.census.gov/geo/reference/ua/urban-rural-2010.html
https://msdn.microsoft.com/en-us/library/bb259689.aspx
https://msdn.microsoft.com/en-us/library/bb259689.aspx
https://earthexplorer.usgs.gov/
https://earthexplorer.usgs.gov/
http://www.webgis.com/terraindata.html
http://www.webgis.com/terraindata.html

	Abstract
	1 Introduction
	2 Same and Cross Level DEM Alignment
	2.1 Same Level DEM Alignment
	2.2 Cross Level DEM Alignment

	3 HD DEM Compression and Retrieval
	4 Concluding Remarks
	References

